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The leadership decision
Sponsor education, team support and centrally governed standards alongside AI tools. Sustain
practical learning and human review; extend use where local evidence demonstrates accepted value with
appropriate quality, effort and risk controls.

Why this matters
Enterprise AI adoption often starts with tool access and an expectation of higher productivity. Access alone
does not establish whether developers understand, critically evaluate or effectively integrate AI into their work.
The paper combines Lean Thinking, structured education, shared team practices and central governance. Tool-
agnostic foundations and practice on representative work support conscious, sustainable adoption as tools
change.

Long-term programme question
Under what conditions can structured education support broader, more deliberate AI use while sustaining
delivery performance, engineering quality, job quality, and responsible human judgement?

Survey findings and leadership actions
Four cohorts received the reported three-week common curriculum between February and July 2026. Onboarded
developers in those cohorts were surveyed before onboarding and again about two months later to examine shifts
in reported AI use and perceptions over the educational programme. Participation was voluntary; responses
were anonymous and unlinked. Questions covered AI use, perceived benefits, checking and reliance.

Adoption signal What the surveys show Suggested actions for
leaders

More frequent
AI use

The share of responses in the two highest reported
usage bands rose from 22.7% before onboarding
to 66.1% afterwards.

Check whether greater use
produces useful, accepted
output.

Broader task
use

Reported use expanded across development activities,
especially documentation and unfamiliar-code
exploration.

Extend practical training
across development activities.

Benefits and
review effort

Perceived benefits increased overall, especially better
solutions and code quality, alongside greater
validation effort.

Assess benefits alongside review
and correction costs.

Mixed
judgement
signals

Critical evaluation rose and direct copying fell, while
uncertain reliance, incomplete review, reliance instead
of independent reasoning, reduced understanding and
self-reported AI-related bugs also rose.

Practise resolving uncertainty,
rejecting unsupported output
and seeking help.

Understanding
changed little

Self-reported understanding of AI-generated code
changed little despite broader use; competence
remains to be assessed.

Sustain practical teaching;
assess understanding through
exercises and review decisions.

Survey limitations and considerations
These voluntary, anonymous, unpaired surveys describe reported adoption and perceptions among on-
boarded developers. Respondent composition, recall and social-desirability bias may affect the findings;
usage bands have no specified reference period or denominator for the percentages. The surveys cannot
establish individual change, isolate onboarding’s effect or demonstrate monetary productivity gains or sav-
ings. Risk reports are self-reported, not incident rates; greater exposure may increase reports. Follow up
with practical assessments and delivery measures.

Executive summary | October 2026 1 / 2



EXECUTIVE SUMMARY FROM ADOPTION TO SUSTAINABLE VALUE

Onboarding principles and practical steps
Six principles guide onboarding: tool-agnostic AI literacy, human validation, context quality, centrally
governed standards, leadership commitment with transparent measurement, and discovery before
change.
Discover and agree. Work with the team and its leaders to identify needs, risks and a small pilot. Reuse an
approved practice where it fits; otherwise, agree what the task needs, what it should produce, its constraints
and how the results will be checked.
Teach and practise. Critical thinking cannot be outsourced to AI. Protect time to learn AI foundations and
practise checking, rejecting and escalating uncertain output on real tasks. Maintain requirements, architecture,
repository conventions and acceptance criteria as shared context for people and AI.
Review and improve. Retain human responsibility for validating every AI-assisted artifact. Pilot and refine
new practices, then submit them to the AI platform owner for approval and versioning in the Lean Standard of
instructions, task contracts and delivery practices.

Measurement layers and executive responsibilities
The proposed framework examines three layers together: AI foundations, perceptions and behaviour, and
operational outcomes. The governance control layer supports all three through standards, oversight
and accountability.

Layer What it examines What leadership should provide

1. AI foundation
knowledge

AI literacy, limitations and
coding-tool fundamentals.

Protect learning time; provide practical exercises
and knowledge assessments. Led by the AI
transformation owner, with team leaders and
champions.

2. Perception
and behaviour

Benefits, barriers, trust, scepticism,
verification and dependency.

Repeat surveys; investigate barriers and
uncertain or unsafe practices. Follow-up by the
AI transformation owner, team leaders and
champions.

3. Operational
outcomes

Accepted output, flow, quality,
rework, test evidence and total
effort.

Define comparable delivery evidence, success
criteria and KPI ownership. Team leaders
ensure interpretation and corrective action.

Governance
control layer

Risk checks, shared standards,
reusable skills and templates, and
agent permissions and execution
limits.

The AI platform owner approves tools, access,
integrations and standards. Team leaders ensure
independent acceptance checks, escalation of
unresolved issues and fallback when needed.
Reporting preserves privacy and anonymity.

Fund sustained capability. Executive sponsors and finance should budget for learning, tools, context main-
tenance, review, correction and support, revisiting expected financial and strategic value as evidence develops.

Use KPIs to decide when to expand
The layers describe what to examine; the KPI groups organise measurement during adoption and transition.
Each group can draw on several layers, with governance applying throughout.
Adoption KPIs track use, reported understanding and support needs. Tactical KPIs examine early delivery
and forecast reliability; comparisons with pre-adoption estimates lose relevance as AI informs planning and
cannot establish productivity gains. Target KPIs assess more useful, accepted work within the same time and
available capacity, with quality and delivery reliability maintained.
Pair output with defects and rework, flow with review effort, and additional work with completion of planned
scope. Use consistent definitions and account for capacity, scope and work mix. Agree success criteria; continue,
adapt or stop pilots accordingly. Use and perceived benefits alone cannot establish productivity gains or financial
return; this programme’s financial return has not been measured.
Use assessments, participant feedback and delivery evidence to sustain learning and support. Keep adoption,
benefits, review burden and risks separate; avoid individual surveillance and team rankings.
Transformation leaders should build lasting capability through education, human judgement, team support and
governed standards, and expand AI adoption only when local evidence demonstrates accepted value with quality,
effort and risk controls in place.

Source and disclosure. Companion to A Lean Framework for Education-Led Enterprise AI Transformation, October
2026. Read the full paper for survey findings, the proposed KPI catalogue and references. This internal R&D practitioner
case was organised by the author; analysis and editorial preparation were AI-assisted. Confidential raw sources are
withheld, limiting independent reproduction. This is not an independent evaluation or external peer review.
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